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Chega a 100 o nimero de mortes confirmadas no Rio Grande do Sul
Chuvas deixam mais de 163 mil desabrigados e 63,7 mil desalojados
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Entulho toma conta de Cruzeiro do Sul, no Vale do Rio Taguari, onde bairros inteiros foram postos abaixo
Jornal Nacional
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https://www.vakinha.com.br/vaquinha/a-maior-campanha-solidaria-do-rs
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R$ 59.801.779,00
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Ativo(a) no Vakinha desde margo/2023

COMPARTILHE ESTA VAQUINHA
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S.0.S CHUVAS
RIO GRANDE DO SUL

A CUFA BRASILE AFRENTENACIONAL ANTIRRACISTA
JUNTO COM A TICKET ESTAO UNINDO ESFORCOS
PARA AJUDAR QUEM MAIS PRECISA.

DOE PELO PIX:

DOACOES@CUFA.ORG.BR




PIX

UNIDOS PELO
RIO GRANDE DO SUL

Poder publico, sociedade e empresas em apoio as vitimas das chuvas

Leia o QR Code

Ajude doando qualquer valor

Chave pix (CNPJ) : 92.958.800/0001-38
Instituicdao: Banrisul m
l DRDSTADD FIOCRUZ
GRANDE
DO SUL fiocruz.colabore.org/unidosporRioGrandedoSul




Message from a friend and colleague from the
Lab for public health surveillance in Rio Grande do
Sul:

Desculpa trazer um problema pessoal aqui, mas
nao estou vendo outra alternativa no momento e
eu e minha familia ndo conseguimos ajudar mais.
Tenho 3 primos que perderam as casas. Uma tem
um bebé, e um deles foi pra um abrigo com a
esposa.

Estou fazendo uma vaquinha para ajudar
financeiramente. Se vcs souberem de alguém que
queira ajudar, deixo meu pix aqui.

CPF 49150081004 Tatiana Gregianini
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Epi surveillance and the need of
nowcasting models




Challenge: time to database insertion (backfill) M
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Challenge: time to database insertion (backfill)

Database insertion opportunity (weeks)
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Challenge: from time of event to database entry

SARI cases

SRAG no Brasil
-- dados inseridos até a semana 33 -

>

Known number of infections

What we know...
? ...5ix months later
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5000 - ;
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2500 1
..next week

...this week
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t 2013, Week 15
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Time (weekly)

14 8 12 16 20 24 28 32 36 40 44 48 521 4 8 12 16 20 24 28 32
Week of symptoms’ onset



Challenge: from time of event to database entry
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https://doi.org/10.1002/sim.8303

https://covid19br.github.io/nowcaster/
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Respiratory infections
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Seasonal profiels and activity thresholds i
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SARI surveillance in Brazil: InfoGripe
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InfoGripe

http://info.gripe.fiocruz.br
http://bit.ly/mave-repo-fiocruz

Incidéncia de SRAG (por 100mil hab.)

Novos casos de SRAG semanais por faixa etaria. Dados até a semana 18 2024.
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‘Model-based projections
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SARI by Influenza A and RSV in 2024



InfoGripe: nowcasting and trend
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Bastos, Carvalho & Gomes,
2021.

Modelling misreported data,
in: Building a Platform for
Data-Driven Pandemic
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Incidéncia de SRAG (por 100mil hab.)
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Dengue, Zika, Chikungunya surv.: InfoDengue
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Dengue, Zika, Chikungunya surv.: InfoDengue
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Model-based MEM-like expected season projections m
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Model-based MEM-like expected season projections

Posterior predictive distribution
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